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Abstract A novel framework for recognizing facial attributes such as glasses, hairstyles, etc, is presented. Diffi-
culty is that facial attributes are so diverse and thus attributes of interest can be often changed. In the proposed
framework, ”Spatial Codebook”, which consists of small number of representative local patterns, is learned with
unlabeled data in offline process. When learning new attributes, similarities between the codebook and small num-
ber of labeled training data are used as features. This process is computationally more efficient than the baseline
method which uses high dimensional pixel level features, since it is based on simple computation of the similarities
and training with low dimensional features of the resulting similarities. Moreover, the low dimensional represen-
tation enables high accuracy even with small number of labeled training data. The effectiveness of the proposed
framework is shown by experiments.
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