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Online Multiple Human Tracking using Primitive Action Features
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Abstract: In this paper, we propose a online multiple human tracking method using primitive action features.
The proposed method extracts rich action features from a single frame by utilizing a global context such as nearby
objects and humans. Online data association is performed using Hungarian algorithm. In the experiments, we
verified the effectiveness of the proposed method using the Okutama-Action dataset. Our code is available online

(https://github.com/hitottiez/mht-paf).

IELC®HIC

BEOWRERIE, ART A 2 A - Y —RAF VA -7 —
TTa v IE, RIS ETHW S D R R BT H

5. HER & 0 EEAYRETIE 1] HIEESI N TV S,
Ra— Iz 2 EEIMGISEAE L7256, A\ MoREI®
T AR NEHEBIZZELT B0 ID A1 v FREFHT
5. ZOMBEZRT 5720, HrldEARTEEEZ M
W BB TR E RE L TW5 2. MHT-PAF [2]
T, SEFEOYIRR AND & > 722272 a > 7% 2 ME
WrEEETLHIET, B—T L —L005THAYEHZ
RTINS 2REE L RE L o TV D, L
U, A7 74 Y TONYBIL 7o TEST, 7L —
DD & R 2 il U 7212 7 1 U B G S AR
TERW.

R TlE, BATEREMEZHAWTEY Y 71 2 THEE
NYLEE %175 FiE2RET 5. MINICRETIEOMEX
ERT. BTV —LIZH U T AR 2 T o721, AT
BRSO - /EREEEZ T T 5. BN RHME
ZRAWTEE 7 L — ABCTERBNZ ARSI 2175 2
T, AVIAVAYEHMRERINS.

1

2 Hrtdde

NYBEEF D7D DRFE & LT, fEREE, AR
g, U CHATEREEZ M 2.

MBRHHE : 7L —L4 fITBWVWT AWK
T, m BFBHOMERHE b 2T 5 2.

RABYME: 7V —L4 fIIBWT, b NP5 /A
R g(b) 2 HHIT 2 2.

EXTERHME: 7L —L fITBVT, &b N
0o BATEREE a 2T 5. KB ﬁ$ﬁﬁ%
WEMEETVERT. ET I 4stream D=2 —F )b
Fv b7 —2T, RGBEG LA T T« A7 0 —Hif%
A& Utz 2-stream v b7 —2 Bl IZHEDVWTWS,

HZEXY T4 (RGB & FLOW) (Z2W\WT, @FE D
UG & R0 B UEGREZ AT E$ 5. RATY]

&

168

1. Feature extraction
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2. Human tracking
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