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Abstract Some public datasets for person re-identification or tracking across cameras are published but there is
no dataset which has a large number of cameras, images, and pedestrians. In this paper, we introduce our current
activity for a new dataset, which has more pedestrians and images than our previous Shinpuhkan 2014 dataset,
and discuss requirements for the dataset in terms of the amount and quality of the dataset. We also introduce
our annotation tool for pedestrian tracking across cameras and virtual dataset generation tool and discuss their

desirable functions.
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