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Abstract In recent years, pedestrian detection from an in-vehicle camera has been attracting interest. However,

in the case of a raining situation, there is a problem that the detection accuracy decreases because the head of a

pedestrian tends to be occluded by an umbrella. In this report, as a variation of the deformable part models (DPM)

which is widely used in the field of object recognition, we propose “Selective DPM” which selectively chooses the

original part filters and additional part filters trained independently. In the detection of a pedestrian holding an

umbrella, the selection of head and umbrella parts will make pedestrian detection more robust to the occlusion.

We conducted experiments to evaluate the performance of the proposed method. As a result, pedestrian detec-

tion with the Selective DPM achieved high detection accuracy in raining situations, compared with the detection by

conventional DPM. Moreover, we confirmed that it does not affect the pedestrian detection accuracy in fine weather.
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